Searching Feasible Design
Space by Solving Quantified
Constraint Satisfaction Problems

In complex systems design, multidisciplinary constraints are imposed by stakeholders.
Engineers need to search feasible design space for a given problem before searching for
the optimum design solution. Searching feasible design space can be modeled as a con-
straint satisfaction problem (CSP). By introducing logical quantifiers, CSP is extended to
quantified constraint satisfaction problem (QCSP) so that more semantics and design
intent can be captured. This paper presents a new approach to formulate searching
design problems as QCSPs in a continuous design space based on generalized interval,
and to numerically solve them for feasible solution sets, where the lower and upper
bounds of design variables are specified. The approach includes two major components.
One is a semantic analysis which evaluates the logic relationship of variables in general-
ized interval constraints based on Kaucher arithmetic, and the other is a branch-and-
prune algorithm that takes advantage of the logic interpretation. The new approach is
generic and can be applied to the case when variables occur multiple times, which is not
available in other QCSP solving methods. A hybrid stratified Monte Carlo method that
combines interval arithmetic with Monte Carlo sampling is also developed to verify the
correctness of the QCSP solution sets obtained by the branch-and-prune algorithm.
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1 Introduction

In the process of engineering design, designers face various
requirements and specifications for products, such as functional-
ities, material properties, subsystems behaviors, manufacturing
capabilities, financial budgets, and others. Constraint-based
approaches thus can be employed to formulate a design problem
as a CSP. A CSP is a system of constraints where the variables are
within certain domains. The solution of a CSP is a set of feasible
values for the design variables that satisfy all of the design con-
straints. With its concise and formal representation, the CSP for-
mulation has been applied in floor plan design [1,2], geometric
modeling [3], conceptual design [4,5], embodiment design [6],
collaborative design [7-9], design space searching [10-12], and
other design problems. The CSP formulation can help engineers
to explore the design space and find feasible solutions that satisfy
the given constraints. This is different from the optimization prob-
lem, which is to find the optimum among the feasible solutions.
CSPs thus provide an overview of possible choices for design
engineers before they perform optimization.

However, the traditional CSP formulation can only express lim-
ited semantics. All of the variables in CSPs are existentially quan-
tified () in the sense of first-order logic and predicate. Using a
simple example to illustrate, we have constraints y = z and x # z
with variables in discrete domains x € {1,2,3}, y € {1,2}, and
z € {1,2}. The possible solutions for (x,y,z) are (1,2,2), (2,1,1),
(3,2,2), and (3,1,1) based on the existentially quantified variables
with the semantics of Ix € {1,2,3}, 3y € {1,2}, and 3z € {1,2},
as in the traditional CSPs. Suppose that the variable x is controlla-
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ble or adjustable, whereas y and z are not. We want to ensure that
given any y and z within the respective domains, the satisfaction
of constraints is guaranteed. Then the universal quantifier (V) can
be applied to y and z with the semantics of Jx € {1,2,3},
Vy € {1,2}, and Vz € {1,2}. In this case, the solutions will be
(3,1,1) and (3,2,2). Therefore, it is necessary to have a more gen-
eral formulation in which both universally and existentially quan-
tified variables can be included to express more semantics. QCSP
is an extension of CSP and allows both universal and existential
quantifiers to be associated with variables [13]. QCSP is a general
problem with its solutions that satisfy all constraints in the form
of both mathematical and logic expressions.

In engineering design, QCSP can be used to integrate design
intent of engineers into calculations by assigning quantifiers to
variables. Two types of variables are differentiated. One is design
parameter, and the other is target performance. The design param-
eters which are not controllable by engineers are associated with
quantifier V. They usually correspond to the disturbances of a sys-
tem or a model. The parameters which can be controlled and
modified within prescribed domains are associated with quantifier
3. If every value in the target performance domain should be real-
ized, it should be associated with V. On the other hand, if the val-
ues only need to be included in the domain, it is associated with 3.
All values in the domains of universally quantified variables have
to satisfy the constraints, whereas at least one value in each of the
domains of existentially quantified variables has to satisfy the
constraints.

By incorporating quantifiers, QCSP formulation can capture
semantics related to material properties and process sequences.
However, when all variables in a constraint are universally quanti-
fied, or constraints are overly restrictive on variable domains, we
may not be able to find feasible solutions. From the perspective of
semantics, CSP can be regarded as a special case of QCSP, in
which all variables are existentially quantified. In this paper, we
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only consider QCSPs that have both universal and existential
quantifiers involved. Different quantifier assignments to variables
in QCSPs will result in different solution spaces.

With the advantage of quantified variables, QCSPs have
recently been applied in solving mechanical design problems
[14-18]. Additionally they have been applied in the areas of con-
trol [19-23], scheduling [24,25], and planning [26,27]. Both dis-
crete and continuous values can be used in QCSP formulation. For
the continuous case, interval is typically used as a set of values.
As an extension of the classical set-based interval, generalized
interval [28,29] has been proposed to incorporate logic quantifiers
with the concept of modality. It has more semantics than the clas-
sical interval. A generalized interval is defined as a pair of num-
bers, instead of a set of numbers. The pair is no longer restricted
to be ordered. For example, both [1,2] (which is called proper)
and [2,1] (which is called improper) are valid generalized inter-
vals. Suppose a is a design parameter as given, X is an unknown
design variable, and b is the target performance. Their respective
interval values are a=1[1,4], x=[2,3], a+x=b =[3,7]. The rela-
tionship can be interpreted as Va€[1,4], Vx€[2,3], Ib€[3,7],
such that a 4+ x = b. This scenario corresponds to the case where a
and x are uncontrollable and are associated with V, whereas the
resulted range of b is guaranteed to enclose all possible values of
a+ x. In another scenario, a=[1,4], x=1[3,2], a+x=b=[4,6].
The interpretation is Va € [1,4], Ix€[[2,3], 3bE[4,6], such that
a+x=>b. It implies that x has become a controllable design vari-
able. The modality of generalized interval provides the conven-
ience for numerical calculations and logic interpretations in QCSP
formulation.

Generalized interval with logic interpretations provides the
semantic capability of capturing design intent. For instance, in
product family design [30,31], the products share a platform but
have specific features and functionalities required by different
customer groups. There are two sets of design parameters, which
are associated with different design intent. One is called common
parameter, which embraces the commonality and modularization
among different variants. The other is called scaled parameter to
“scale” or “stretch” the platform to satisfy a range of performance
requirements. Here, we use an example of electric motors [31,32]
to illustrate how generalized interval with logic quantifier is
applied in product family design. The motors need to satisfy a
range of torque requirements (7). The design variables, including
armature wire area (4,,), field wire area (A,,), the number of
turns of field wire (IV), and the stack length of the motor (L), are
selected as common parameters, whereas the radius of the motor
(r), thickness (¢), number of turns of the armature wire (N,), and
current (/) are scaled parameters. The common parameters are
fixed in the platform but with an allowance of 10% variation.
Based on the values of common parameters, appropriate values of
the scaled parameters should be selected to satisty the target
requirement of torque. At the early design stage, the requirement
is vague and can have a wide range of values. Thus, the desirable
interpretation for the QCSP solution is (VA,,, VA, VN, 3T, 3r,
dt, AN, I, IL) (all constraints in Ref. [31] should be satisfied)
(case I). When more information about the target requirements for
T becomes available, all values in the updated domain of 7 have
to be fulfilled. The desirable interpretation becomes (VA,,,, VA,
VN, VL, VYT, 3r, 3t, AN, 3I) (all the constraints should be satis-
fied) (case II). In a yet different case, we may find that not all the
requirements of 7 can be fulfilled for all possible value combina-
tions of scaled parameters. The solution should then be described
by (VA4 YA,z VN, Vr, Vt, VN, VI, VL, 3T) (all the constraints
should be satisfied) (case III). Under different circumstances, the
semantic differentiation for feasible solution sets by logic quanti-
fiers provides engineers more information about the nature of the
problem. Such design intent is captured by the QCSP formulation
based on generalized interval.

In this paper, we present a new approach to formulate and solve
feasible design problems as QCSPs. As a result, the modeling and
solving processes are much simplified compared to CSP
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formulations. Generalized interval is used to represent the quanti-
fied variables in the QCSP formulation. Semantic analysis is
applied to provide logic interpretation for the QCSP. Based on the
logic interpretation, a set of consistency tests are developed to
identify the solutions. A branch-and-prune algorithm is developed
to provide the inner estimation of the solution to the defined
QCSP. A hybrid stratified Monte Carlo approach is proposed to
verify the solutions obtained from the branch-and-prune algo-
rithm, which is much more efficient than the traditional Monte
Carlo method. Our formulation is general without the restriction
on the number of occurrences for variables and can be used in dif-
ferent forms of constraints, linear or nonlinear, analytical or
reduced-order. The only requirement is that the constraints can be
expressed analytically and logic interpretation is available.

In the remainder of the paper, the background of solving CSPs
and QCSPs as well as generalized interval is introduced in Sec. 2.
The developed semantics-based branch-and-prune algorithm to
obtain the inner estimation of solutions for QCSPs is presented in
Sec. 3. In Sec. 4, the proposed interval-based hybrid stratified
Monte Carlo method is described and used to verify the feasible
solutions provided by the new approach in Sec. 3. In Sec. 5, a nu-
merical example of vehicle chassis design is presented to demon-
strate the proposed formulation and numerical algorithms.

2 Background

In this section, the methods of solving CSPs and QCSPs are
reviewed. Generalized interval and its algebraic and logic proper-
ties are introduced.

2.1 Solving CSPs. The commonly used methods to solve
CSPs with variables in discrete domains include arc-consistency
techniques [34] that eliminate inconsistent values of variables in
binary relationships, and search systematically through the possi-
ble assignments of values. The backtracking [35], forward check-
ing [36], and maintaining arc consistency [37] are three classical
search algorithms with different treatments of value assignment.
For CSPs with variables in continuous domains, constraint propa-
gation [38] iteratively reduces either constraints or domains to
simpler ones. The hull-consistency method [39,40] approximates
the solution set by decomposing constraints into primitive ones
that contain only one operation and computing the interval result
with fixed-point iterations. The box-consistency method [39,40]
evaluates the lower and upper bounds of variables by searching
the zeros of interval constraints via the interval Newton method.
The (3,2)-relational consistency method [12] approximates the
regions of feasible solutions in the form of 2*-tree with two varia-
bles. The solution of constraints is found by intersection operation
or composition of individual constraint solutions. A polytope-
based representation was also proposed to describe and visualize
the solution space [10].

2.2 Solving QCSPs. Solving a QCSP is to find all possible
values of variables that satisfy the quantified constraints. The
early methods to solve QCSPs with discrete variables were
extended from those for CSPs, which mainly focus on binary con-
straints [41—44]. Later, some methods were developed specifically
for QCSPs. The quantifier elimination approach transforms quan-
tified constraints to the equivalent quantifier-free conjunction/dis-
junction constraints [45-47]. More recently, QCSPs are
formulated with interval-valued variables to represent continuous
domains and the solving algorithms are based on interval arithme-
tic. An algebraic approach to compute the inner estimation of so-
lution sets for linear interval constraints was developed [48-50].
An inner estimation of a solution set is a set of values all of which
are guaranteed to be the solutions. The basic idea is searching the
algebraic solution such that constraints are satisfied. The value y
is called an algebraic solution to the constraint fix) =d if f(y) =d.
A series of numerical estimation algorithms for different cases of
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QCSPs were developed, including constraints where all universal
quantifiers precede existential ones [51,52], constraints with
shared existential variables [53], linear and nonlinear constraints
[54,55], and constraints where existential quantifiers precede all
universal ones [56]. Quantified set inversion method [21,22] pro-
vides three computing rules to solve an interval QCSP by combin-
ing the set inversion technique and modal interval [28].

Despite the effectiveness of existing algorithms to solve
QCSPs, there are still some unresolved issues. For instance, the
typical assumption is that existential quantified variables occur
only once in all constraints. Some approaches such as quantifier
elimination and hull consistency methods rely on the constraint
decomposition procedure, which significantly increases the num-
ber of constraints. Moreover, the solving process by using consis-
tency techniques may become complex. For example, arc-
consistency [41,43] is effective for binary constraints, whereas its
generalization to nonbinary constraints is far more challenging.
Hull-consistency has no guarantee of optimality when variables
have multiple occurrences [40]. Box-consistency will be ineffi-
cient in the case that the search space is large, although it can han-
dle the constraints with multiple variable occurrences.

2.3 Generalized Interval. Generalized interval [28,29] with
the Kaucher arithmetic [33] is an algebraic and semantic exten-
sion of the classical interval [57]. The classical interval is defined
as a set of real numbers with lower and upper bounds, i.e.,
[x,%] := {x € R|x <x <x}. In contrast, a generalized interval
x := [x, %] € KRR, defined by a pair of numbers, is no longer re-
stricted to the ordered bounds as x < x. KR denotes the set of
generalized intervals. An operator A maps a generalized interval x
to a classical interval, defined as

Q2.1

For example, [—2,114=[ —2,1], and [2, —11* =] —1,2].

X is proper when x < ¥ and denoted as x € [R. x is improper
when x > x and denoted as x € [IR. Pointwise interval x can be ei-
ther proper or improper when x = ¥. Operators pro and imp return
proper and improper intervals respectively and are defined as

(2.2)
(2.3)

pro[x, x] := [min(x,X), max(x,x)]

implx, 7] := [max(x, %), min(x,x)]
The relationship between proper and improper intervals is estab-
lished by an operator dual, defined as duallx,X] := [¥,x]. The
inclusion relationship C between two generalized intervals
x = [x,X] and y = [y, ] is defined as
X Syl ey<anx<y 24
The inclusion isotonicity is a fundamental property of the Kaucher
arithmetic, which is expressed as
ViCxy, Y, Cx=y,0xCy,0% (2.5)
where o € {4+, —,x,+}, and X, X», y;, y» are generalized
intervals.
The intersection between x and y is generally defined as
[x, ] N [y, ] := [max(x, y), min(¥, y)] (2.6)
which also holds for the intersection of classical intervals, specifi-
cally defined as

w80 (5] = {rir e [wA) Are s} @)
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For example, [—2,1]N[2,4] = ¢. However, [—2,1]N[2,4] =[2,1].
The width of a generalized interval x = [x,X] is defined by
widx := |[¥ — x|. The center is found by midx := (¥ + x)/2.

In contrast to the semigroup of classical interval, generalized
interval forms a group with invertibility, which is maintained by
the dual operation. For example, [2,3]—dual[2,3] =0, compared
to [2,3] — [2,3] =[—1,1] #0 as in the classical interval arithmetic.
For the equation [2,3]+x,=[6.9], the algebraic solution is
obtained as x, =[6,9]—dual[2,3] =[4.,6]. In contrast, the direct
subtraction gives X" =[6,9]—[2,3] =[3,7] as in the classical inter-
val arithmetic. Here, X,’ is an overestimated value of x, instead of
an algebraic solution. The original value of summation is not
obtained if x,” is plugged back into the original equation
Z=X; +Xo, as [2,3] +[3,7]=[5,10] #[6,9].

Generalized interval has more semantic power than classical
interval, because each x € KR has an associated logical quanti-
fier Q,&€{V,3}, either universal (V) or existential (). If z=/f(x)
where zER and x=(x;,...,x,)ER" is extended to its interval
extension z=F(x), z is a collection of the values of f over the
interval x. If F has a semantic relationship among the interval var-
iables as

(Qux1 €X1) o+ (Qnxn €X,)(Qz €24 (2 =f(x))  (28)
Then, we say z = F(x) is interpretable. In this paper, only the solu-
tion sets in which all universal quantifiers precedes the existential
ones in the logic interpretation are considered. For example,
Z =X, +X,, where x; =[2,3], x,=[4,6], and z=[6.9], is inter-
preted as (Vx; € [2,3]%)(Vx, € [4,6])(3z € [6,9]")(z = x1 +x2).

Three types of solutions for the same mathematical problem
can be differentiated by introducing quantifiers [49,50]. They are
united solution, tolerable solution, and controllable solution.
Specifically, for constraint f(a,x) = b, where a and b are known
variables and x is unknown, its united solution set is defined as
Y33 = {x|(3a € [a,a])(3 € [b,b])f(a,x) = b)}, the tolerable
solution set is Zv3 := {x|(Va € [a,a])(3b € [b,b])f (a,x) = b)},
and the controllable solution set is Zgy := {x|(Vh € [b,b])(Ja
€ [a,a])f (a,x) = b)}, where [a,a] and [b,b] are the possible
ranges of the continuous values. The three different solution sets
can arise at different design stages. The united one provides a
broad set of feasible solutions in the very beginning of design pro-
cess when many options are available such as in set based design
[58] and Case I of the product family design example in Sec. 1.
Controllable and tolerable solution sets can be applied when more
information or requirement is available as the design process pro-
ceeds to the detailed design stage, which correspond to cases II
and III of the product family design example in Sec. 1, respec-
tively. The collection or union of feasible solutions that satisfy all
constraints forms the feasible design space.

3 The Proposed Semantic Approach for Searching
Feasible Solution Sets

The proposed approach for solving QCSPs includes two com-
ponents. One is the semantic analysis, and the other is a branch-
and-prune algorithm. The semantic analysis makes use of the
logic semantics embedded in generalized intervals to interpret the
defined QCSP for searching the inner estimations of its feasible
solution sets. The branch-and-prune algorithm based on Kaucher
arithmetic is to find the inner estimation of the feasible subspace
by searching through the given design space in the form of contin-
uous domains or intervals.

The general process of formulating and solving a QCSP for fea-
sible design solutions starts from a numerical CSP, which is speci-
fied by mathematical constraints, variables, and their respective
domains. According to the assumed design scenarios or desirable
interpretation, quantifiers are assigned to the variables. Based on
the interpretation rules described in Sec. 3.1, constraints are inter-
preted manually. Therefore, the numerical CSP is reformulated as
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a QCSP with logical quantified variables. Then, the problem is
solved by the proposed branch-and-prune algorithm, in which
Theorems 1-3 in Sec. 3.2 are used as solution identification tests,
and Theorem 4 is applied in the pruning test. Iteratively the inner
estimations of possible solutions are found. The union of them is
the final result for feasible design space. The details of these steps
will be described in the following subsections.

3.1 Semantic Analysis. The constraint system of a QCSP is
written as

F(a,x)=b 3.1

where F: KR’ x KR"—KR"™. The elements of aE KR’ are gen-

eralized intervals. With the notation p for proper and 1 for

improper, a proper interval vector aﬂEHR’ with its ith element

(a,); and an improper interval vector a, € TR with its ith element
(a,); are defined as

(a ) L a;, if a; S Lf,' (a) L a;, if a; 2 ﬁ,’
P/E 10,  otherwise Y710,  otherwise

(3.2)

such that a=a,+a, Similarly, we denote b=b,+b, and
X=X, +X,. The solution set of Eq. (3.1) denoted by X is inter-
preted either as

(Vx, € x0)(Va, € a3)(vh, € b)(3x, € x}')

(3.3)
(3a, € a})(3b, € bY)f (@) + ay,x, +x,) = b, + b,

or as

(Vx, € x})(Va, € al)(Vh, € b2)(3x, € x5)

(3.4)
(3a, € a5)(3b, € bY)f(a, + i, x, +x,) = b, + b,

A simple example of liner equations is used to illustrate the
interpretations in Egs. (3.3) and (3.4). Suppose a;x; =b; and
a,X; +a;Xx, =b,, in which x;, a;, b;, b,EIR, x,, a, € [IR. Thus,
we have a=(a;,a;) =a, +a, in which a,=(a;,0) and a, = (0,a,).
Its solution set can be interpreted as (Vx; € x{)(Va, € af)
(3){2 (S Xé)(aaz € ag)(ﬂbl S blA)(Hbz S b%)alxl = by and ax;+
ayixy = bg.

The interpretations of F(a,x) =b are determined by the modal-
ity (proper or improper) of a generalized interval and on which
side (left or right) it appears in the mathematical relation. Our
convention of interpretation following the interpretation theorems
of modal interval [28] is summarized as the following six rules.

R1: For variables that are located on the left side of the relation,
V is associated with proper intervals, and 3 is associated with
improper ones.

R2: For variables that are located on the right side of the
relation, 3 is associated with the proper intervals, and V with the
improper ones.

R3: A pointwise interval (e.g., [2,2] that is equivalent to a real
number) is both proper and improper and can be associated with
either quantifier as suited.

For variables which have multiple occurrences in a QCSP, the
following rules apply.

R4: For a variable that appears multiple times all with the same
quantifier V, the final one should preserve the quantifier V;

RS: For a variable that appears multiple times, all occurrences
are associated with V except for only one with 3, the final interpre-
tation of the variable should preserve the quantifier J;

R6: Variables that appear more than once with same quantifier
4, the final interpretation cannot be decided. Therefore, multiple

031002-4 / Vol. 136, MARCH 2014

occurrences of the same existential variable should be avoided by
applying the dual operation to all occurrences except for one.

Note that combining two statements with an existentially quan-
tified variable appearing twice does not always lead to one inter-
pretable statement. Based on the above interpretation rules,
constraints will be modified, if necessary, during the semantic
analysis step such that the numerical results are interpretable. The
following two simple examples illustrate how the above rules are
applied to ensure interpretability.

Example 1. Given x;, x,EIR, y=x,(x; +X,). y should be
proper according to the Kaucher arithmetic. Because x; appears
twice and is associated with V, based on Rules R1, R2, and R4,
the interpretation of the equation is (Vx; € X&) (Vxy € x3)
Gy eyt ly=x(n+x).

Example 2. Given x; € IR, x,€IR, y =x,(x; +X,) in which
x; appears twice with 3. Based on the Rule R6, dual is applied to
the second one as y = x;(dualx; + x,) so that only one x; is associ-
ated with 3. The multiplication of an improper interval and a
proper interval can be either proper or improper, depending their
specific values. For example, y = x;(dualx; 4+ x,) =[2,4] is proper
if x; =[2,1] and x, =[1,2]. y = [4,3] is improper if x; =[2,1] and
X, =[1,1]. Therefore, based on the Rules R1, R2, and RS, it can
be interpreted either as (Vxy € x3)(Jy € y*)(Ix; € x)y = x;
(xi +x2) when y is proper, or as (Vxa €x3)(Vy€y?)
(3x; € x§)y = x1(x; + x2) when y is improper.

As a result of the semantic analysis, design constraints are
modified as necessary so that they become interpretable. At the
same time, different modalities can be assigned to variables to
capture the intended semantics based on the desirable interpreta-
tion. Note that interpreting the multiple-occurrence variables asso-
ciated with existential quantifiers requires more attentions than
the ones associated with universal quantifiers.

3.2 The Branch-and-Prune Algorithm. The branch-and-
prune algorithm consists of three steps: consistency test, pruning
operation, and branching operation. Given a domain of variable
x*, which can be considered as a box that is the Cartesian product
of intervals, and a set of constraints C(x) as the mathematical rela-
tions among variables x€R", the consistency test is to check
which one of the following three cases x* belongs to.

Case 1: x* is a solution box and contained in the solution set S:

(Vx" € x*)(C(x) is satisfied) < x* C §

Case 2: x* is an infeasible box that contains no solution and
excluded from the solution set S:

(Vx* € x")(C(x) is satisfied) < (X' NS) = ¢
Case 3: x* contains at least a solution:
(Vx* € x*)(C(x) is satisfied) < (X" NS) # ¢

In case 1, x* is declared as a subset of the solution set. In case
2, x* is discarded by the pruning operation. In case 3, x* is
branched into smaller boxes, and each of those boxes is saved to
be processed in the later iterations. Numerically, the exact solu-
tion set can only be approximated by a union of solution boxes
that belong to case 1. The union is an inner estimation of the solu-
tion set. If we can find as many of these solution boxes as possi-
ble, the union of them will be close to the exact solution set. The
inner estimation provides a sound estimation of the solution set.
An estimation is called sound if all solutions that it contains are
guaranteed to be feasible. In contrast, an estimation is called com-
plete if all feasible solutions of the constraint satisfaction problem
are guaranteed to be included in the estimation, which is also
called an outer estimation. An outer estimation does not underesti-
mate the true solution set, whereas an inner estimation does not
overestimate.

Transactions of the ASME

Downloaded From: http://mechanicaldesign.asmedigital collection.asme.or g/ on 06/28/2014 Terms of Use: http://asme.or g/terms



The inclusion isotonicity [59] is fundamental for the consis-
tency test, which states that if F = F(xy,...,X,) is an interval
extension of function f and proy; C prox; for i=1,...,n, then
F(proy,, ..., proy,) C F(proxi, ..., prox,).

The consistency test is based on the following four theorems.
Consider QCSPs with constraints in the form of Eq. (3.1) and an
interval box x*€KIR".

THEOREM 1. Given x*, if b* = F(a, x*) and it can be interpreted
as

(Vx* € x*2)(Va € a®)(3b* € b*)f (a,x) = b*

and prob® C prob, then x 2 is contained in the tolerable solution
set > 5 of Eq. (3.1).

Proof. prob* C prob = (Vb* € b**),b* € b*. If b"=F(a, x*¥)
and it can be interpreted as (Vx* € x*)(Va € a®)(3b* € b*2)
fla,x*) =b*, then (Vx* € x™)(Va € a®)(3b € b*)f(a,x*) =b
holds. Therefore, x** C > ]

Example 3. From a liner system ax =b [50]

[274} [_27 l] — [_27 2]
-1.2) 2.4 )F 7\ [-22]
with iven x =([—02, 0.2],[-0.2, 0.2]), we receive
b =ax = ([—1.2,1.2], [-1.2,1.2]) for which prob® C prob holds.
As in the proof of Theorem 1, x* belongs to the tolerable solution
set of Eq. (3.5).
THEOREM 2. Given x*, if b* = F(a, x*) and it can be interpreted
as

(3.5)

(Vx* € x*2)(3a € a®)(3b" € b™2)f (a,x*) = b

and prob* C prob, then x" is contained in the united solution set

;’Eroof. prob* C prob = (Vb* € b*2),b* € b?, if b"=F(ax*)
and it can be interpreted as (Vx* € x)(3a € a®)
(3b* € b )f(a,x*) = b*, then (Va* € x**)(3a € a®)(3b € b?)
f(a,x*) = b holds. Therefore, x*4 C > ..

In order to obtain a united solution in Example 3, a should be
associated with 3, which implies that a must be improper accord-
ing to Rule R1. Thus, 1mp a (deﬁned in Eq. (2.3)) is applied. With
the same given x*, b" = (imp a)x =([—0.4, 0.4], [—0.4, 0.4]) for
which prob* C prob holds. From Theorem 2, x* is a united solu-
tion set of Eq. (3.5).

THEOREM 3. Given x*, if b* =F(a, x*) and it can be interpreted
as

(Vx* € x*)(Vb* € b**)(Ja € a®)f (a,x") = b

*A is contained in the controllable

and prob® D prob, then x
solution set > ..

Proof. Since prob* D prob = (Vb € b*),h € b™2, if b"=F(a,
x*) and it can be interpreted as (Vx € x*Ag(Vb € b*A)
(3a € a®)f(a,x*) = b*, then (Vx € x**) (Vb € b*)(Ja € a®)
fla,x*) = bholds Therefore, x* ACS |:|

Given x* as in Example 3, b= = (imp a)x =([-04,04], [—

0.4]) for which prob* O prob does not hold. Therefore, x* is not a
controllable solution of Eq. (3.5), according to Theorem 3.

THEOREM 4. Given the constraint in Eq. (3.1) and a function G:
KR x KR"™ — KIR” such that there is a x=G(a, b) which can
be interpreted as

(Va € a®) (Vb € b*)(Ax € y*)f(a,x) = b (3.6)
for any interval box x* with x** Nx* = ¢, x** does not contain
any solution that is in either one of the tolerable, controllable, or
united solution set.
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Table 1 The branch-and-prune algorithm

INPUT: C(x, F, a, b), x’€KR", ¢, ‘Semantics’; OUTPUT: S, B;

Initialization: M =x% § = ®;
WHILE M is not empty DO
x«—extract(M);
IF Solution Identification(C, X, ‘Semantics’) = True
S =SUx;
ELSEIF Pruning Test(C, X) =
X is pruned;
OTHERWISE
IF wid(x) > ¢
10 Branch x to x1 and x2;
11 Store x1 and x2 in M;
12 ELSE
13 Store x in B;
14 END WHILE;
15 RETURN S and B.

True

O 00O\ AW =

Proof. For any x that can be interpreted as Eq. (3.6), x* is a
complete solution to the constraints of F. So for a solution y that
can be interpreted as either (Vx € y®)(Va € a®)(3b € b?)
fla,x) =b, (Vx € y*) (Vb € b*)(3a € a®)f(a,x) = b, or (Vx €
y))(3a € a®)(Ib € bA)f(a X) = b  proy C prox should be true.
Therefore, if x*A N x® = ¢, then x™* does not contain any solution
that is included in one of the three solution sets.

Remark. Generally, x in Theorem 4 can be calculated by deriv-
ing individual constraints of G associated with each variable of
X = (Xy,...,X,) in a fixed-point fashion from the original constraints
of F. For example, there may exist three individual constraints
Gj’sfor j=1, 2, 3, where x; can be derived from the constraints in
F. Then, X; = G;(a,b; X1, ..., X;_1, Xi11, -.-, X, ), Where X} is the ith
element in x€KR", and solved by the jth constraint that involves
x;. If any X;A n X,.A = ¢, then x* does not contain any solution that
is included in one of the three solution sets. For the first equation
in Eq. (3. 5) x; =(-2 2] —[—2,1]x,)/[2,4] =[—1.2,1.2] for which
[—1.2,1.21°N[—-0.2,0.2]% # ¢ holds. So does for the second equa-
tion of Eq. (3.5). Therefore, we can conclude that X contains the
solution of the equations based on Theorem 4. xj indeed is the
solution.

In the proposed branch-and-prune algorithm listed in Table 1,
Theorems 1-3 are used during the solution identification test for
the three types of solution sets. Theorem 4 is applied in the prun-
ing test. In each step, consistency test searches and identifies an
inner estimation of the feasible solution set. Iteratively, the collec-
tion of inner estimations is accumulated, and the union of them is
the final approximation of the solution. Note that the cost of the
proposed branch-and-prune algorithm depends on the number of
design variables n, the smallest variable domain size d, and the
required precision ¢. The number of iterations is bounded by
O(d/e)").

The boundary boxes enclose the solution set. The branching
step subdivides the boundary boxes to smaller ones until certain
level of precision is reached. Bisection along one dimension of x
is usually applied in the branching step such that two sub-boxes x;
and x, with the same volume are generated. The two sub-boxes do
not overlap with each other. That is, x = x{ Ux%. So the solution
S is a collection of nonoverlapped sub-boxes that are branched
from x°.

4 Hybrid Stratified Monte Carlo Method

A hybrid stratified Monte Carlo sampling method is proposed
to verify the solutions obtained from the branch-and-prune algo-
rithm in Sec. 3. It can be used both to verify if the computed feasi-
ble solution subspace is indeed an inner estimation of the true
solution set, and to verify if the subspace that has been pruned
does not include any solution.
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Fig.1 Variables in QCSP for chassis design

The conventional Monte Carlo method can be used to evaluate
the solution set of Eq. (3.1) by uniformly sampling within the
domains of parameters a, b, and variables x. Compared to the con-
ventional Monte Carlo method where all parameters and variables
are sampled from their respective interval domains, the proposed
hybrid stratified Monte Carlo method is of much lower computa-
tional load because it only samples variables within their domains
and leaves all parameters as intervals. To apply this method to
verify the feasible or infeasible subspace, values of x€R" within
the computed subspace xEKIR" are sampled based on uniform
distributions. For each of sampled value, the consistency test is
applied to check if the value indeed belongs to the solution.

Because the solution subspace computed in Sec. 3 is a set of
boxes, we deterministically choose every box and sample uni-
formly within each box. The number of samples drawn for each
box is proportional to the volume of the box. The hybrid stratified
Monte Carlo approach improves the sampling efficiency while
ensuring that each box is verified. Additionally, proper and
improper interval values can be assigned to parameters so that all
three types of solution sets for the problem in Eq. (3.1) can be
verified, whereas the conventional Monte Carlo method can only
be applied to verify tolerable solution sets. Moreover, for the case
of tolerable solution sets, a large number of real-valued samples
for parameters a are needed before the conclusion about (Va€a®)
is drawn in a statistical sense instead of the guaranteed assessment
for all values of a. In contrast, the hybrid stratified Monte Carlo
method samples x and keeps parameters a as intervals so that cal-
culation based on intervals can guarantee all values of a satisty
the constraints. The rigorous verification can be performed effi-
ciently by interval arithmetic. The consistency tests for detecting
a feasible or infeasible subspace for each of the three solution sets
are described in details as follows.

We define b and b2, as the inner and outer estimations of the
exact range of b for b =f(a, x), respectively, where a and x can
take any value within their given boxes a and x. The exact range
of fla, x) over interval boxes a and x is denoted as R(F(a,x)).
R(F(a,x)) is both the sound and complete solution for b =f(a, x),
where a€a”* and xEx®. Thus, we have b2 C R(F(a,x)) C b2

in = out*
Because of the overestimation involved in interval arithmetic, b’
can be obtained using natural inclusion function and interval arith-
metic with f(a,x). The inner estimation of F(a,x), bﬁl, can be com-
puted from by, = F(impa, prox) provided that the resulted by, is
improper, which is always the case when x is pointwise. At each
verification, a real value xq is sampled from the boxes within the
solution set, then biAn and bﬁm are calculated over a and pointwise
interval xg.
For the tolerable solution set where the existential quantifier is
associated with b, and the universal ones are associated with a

and x, if x is a solution box, R(F(a, x)) must be a subset of b2,

031002-6 / Vol. 136, MARCH 2014

Therefore, xo € 35 < R(F(a,x0)) C b®. Since obtaining the
exact range is not possible in many cases, the outer and inner esti-
mations are used in the consistency test. The consistency test for
the tolerable solution set is as follows. If b2 Cb*, then
Xo € Y5 if BT, then xo & >-y5; if b2, Zb? and b2 C b, then
no decision of feasible or infeasible solution can be made. If the
inner estimation is computationally more expensive than the outer
estimation, then the alternative consistency test is as follows. If
b2, C b2, then xg € Y ; if A, NbA =@, then xo ¢ 35 if
bfmg b* and bﬁu[ N b2 = @, then no decision can be made.

For the united solution set, if x belongs to the solution, R(F(a,
x)) must have at least one value in common with b. Therefore,
Xo € 345 < R(F(a,x0)) Nb* # @. The consistency test for the
united solution set is as follows. If bﬁl N b % O, then xo € 233;
if b3, Nb*=®d, then xo &> -5 if bAND =0 and
b2, Nb2 # ®@, then no decision can be made.

For the controllable solution set, if x belongs to the solution,

R(F(a, x)) must be a superset of b. Therefore, xo € Y 4, <
R(F(a,xo)) 2 b2, The consistency test for the controllable solu-
tion set is as follows. If b D b%, then xo € 355 if b, C b*
then xo € > s if bﬁQbA and bﬁu‘ D b?, then no decision can be
made.

The proposed stratified Monte Carlo method can be applied to
the general case of f{a, x) = b to verify the solution sets with no li-
mitation over the complexity of function f. In the following sec-
tion, a numerical example is presented to demonstrate the
proposed formulation and numerical algorithms.

5 Numerical Example

The proposed approach is applied to a vehicle chassis design
problem. This example is adopted from Kim et al. [60] where the
original one is formulated as a three-level multidisciplinary opti-
mization problem. Here, the problem is modified as searching fea-
sible design space in the form of QCSP without considering
optimum objective functions. Searching feasible design space is
to find all possible solutions from the initial design space with all
constraints satisfied. The three types of solution sets are calculated
by assuming three different design scenarios for the example.

The structure of the problem with all variables is shown in Fig.
1. The variables are divided into four groups, which are design
variables, layout parameters, performance parameters, and imme-
diate variables for gravity. The design space is consisted with all
the possible values of design variables, which satisfy all of the
constraints.

There are five constraints at the vehicle-level, such as

e e 1 [k
- s = [(b), o = —
O = 5\t D O = 22\, O =\,
1K, Mb _ Ma
. —_ 5 Ky = —_ e
"2\ My " LCy  LCy
5.1)

where wg and @y, are first natural frequencies of front and rear
suspensions, @, and @, are second natural frequencies of front
and rear suspensions, k,, is understeer gradient, @ and b are the
distances of gravity center to the axles, My,=Mb/2(a+ b),
M, =Ma/2(a +b), M) =M,s/4, L=a+b, and M =M+ M,
in which sprung mass M, = 2282 kg, unsprung mass M, =228 kg.

Performance requirements, wg, Wy, Wy Wy Ky, are defined as
a vector B. a and b are layout parameters. K = (K, K, K, Ky,
C,p Cy) is the vector of immediate variables in which K, K,
Ky, K, are the stiffness of suspensions (with subscript s) and tires
(with subscript 7). C,y and C,, are damping coefficients of front
(with subscript f) and rear (with subscript r) tire systems.
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The suspension systems at the system level are formulated by
regression models

Ky = 17 + 0.067K;s — 0.0034L,s + 0.000278K s, + 35.6st;
(5.2)

and

Ky = 17 + 0.067K;, — 0.0034L,, + 0.000278K, + 35.65t,
(5.3)

respectively, where the suspension stiffness Kj is inflected by lin-
ear spring stiffness K, spring bending stiffness Kjp, spring free
length L,, and spring travel distance st.

The design constraints for the vertical and cornering tire stiff-
ness [61] are described as

Ky = 0.9((0.1839P; — 9.2605)F,, + 110119)  (5.4)

K, = 0.9((0.1839P;, — 9.2605)F,, + 110119)  (5.5)

Cyy = 180F,,(—2.668 x 107°P} +1.605 x 107°Py 56
—~3.86x107%)/n

Cor = 180F,,(—2.668 x 107°P2 + 1.605 x 107°P;, )

—3.86x 107%)/n

where F, =9.8IMb/(a+b), Py, and P, are tire inflation
pressures.

At the subsystem level, coil spring is with the design variables
of wire diameter d, coil diameter D, and the pith p. Free length L,
is a layout parameter. The front and rear coil springs are assumed
to be the same type. The detailed constraints are given as

o Gd*  __ EGd =
Y 8D (L, —3d)/p’ " T 16D(2G+E) 180

(5.8)

where rigidity modulus G of spring material is usually 8 x 10* N/
mm? for the steel without preload, and Young’s modulus E is usu-
ally 2.01 x 10° N/mm? for steel.

In summary, the QCSP has design variables x=(d, D, p, P,
P;,) in the respective given interval domains x = (d, D, p, Py, P;,),
layout parameters A = (a, b, L,, st st,) in the respective given
domains A=(a, b, L,, st st,), and performance parameters
B=(wy 0y, 0f 0, k) in the respective given domains
B= (("‘)Af’ Oy, O, Oy Kys)-

5.1 Quantified Constraints With Logic Interpretation. In
the case of set-based design at the early design stage, the feasible
solution set for the chassis design problem can be described as

> (ABx) = {x € X|(34 € A*)(3B € B))f(A,x) =B} (5.9)

which means that we aim to find all feasible values for each vari-
able such that there exists at least one combination of layout and
performance parameters that satisfies the performance require-
ments. It implies that the performance requirements can be real-
ized by current design and manufacturing conditions. Eq. (5.9) is
in accordance with the definition of united solution set. Therefore,
based on the interpretation rules R1-R2 in Sec. 3, interval boxes
for layout parameters A should be improper, performance parame-
ters B should be proper, and design variables X should be proper.
The logic interpretation for united solution set is given in
Eqgs. (5.10)—(5.19).

Layout parameters a and b are multioccurrences variables, to
which the dual operation should be applied based on Rule R6.
Thus, dual is applied to all occurrences of a and b in the first four
sub-equations of Eq. (5.1). Immediate variables Ky, K., K, Ky,
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C,p C,, are assigned to be proper in Eq. (5.1) because of Kaucher
arithmetic. For example,w;,, is required to be proper interval, M,
is a real number in Eq.(5.1d). The numerical result of the calcula-
tion between a proper interval and a real number is proper. Thus,
K., should be proper too. Then, based on Rules R1, R3, and RS,
the logic interpretations for the sub-equations in Eq. (5.1) are

(VK €K§)(Va€a®)(vh e b*)(Foy € 0})(Eq.(5.1a) issatistied)

(5.10)
(VK € K&)(Va € a®)(Vb € b*) (3o, € 0d)
(Eq.(5.1b) is satisfied) (5.11)
(VKy € K3) (Vmyy € Miy,) (3o € wf)(Eq.(5.1¢) is satisfied)
(5.12)
(VK € K2) (3, € M2 ) (30, € 02)(Eq.(5.1d) is satisfied)
(5.13)
(VCy € Cpy)(VCyy € C5)(3a € a*)(3b € b*)
(Fkus € K2)(Eq.(5.1e) is satisfied) (5.14)

A real number defined as a pointwise interval can be interpreted
as either universal or existential as needed, such as M, and M,
in Egs. (5.12) and (5.13). For most of the time, there is no need to
interpret real numbers, because M, and M, can be either proper
or improper based on Rule R3, which also have no effect on the
modality of final interval result. Therefore, the interpretation for
real numbers are omitted in the remainder of this section. The rear
suspension/tire systems are very similar to the front ones.

Layout parameters L, and st, which are elements of A, are
assigned to be improper in this scenario. In order to preserve K,
which is shared by Egs. (5.2) and Eq. (5.1a), and proper in
Eq. (5.1a), K and Kpy should be proper too based on Kaucher
arithmetic. Therefore, Eq. (5.2) is interpreted as

(VKy € Kip)(VKgr € Kpp) (3L, € L)) (3sty € st?) (3K y

€ K3})(Eq.(5.2) is satisfied) (5.15)
Equations (5.4) and (5.6) involve multioccurrence parameters a
and b. Their interpretations have been preserved as existential as
in Eq. (5.1). Dual operation is applied here so that Eqgs. (5.4) and
(5.6) can be combined with the interpretations above based on
Rules R5—R6. Therefore, Eqs. (5.4) and (5.6) are interpreted as

(VP € Pp)(Va € a*)(vb € b*) (3K

€ K})(Eq.(5.4) is satisfied) (5.16)
and
(VP € P})(Va € a®)(vh € b*)(3Cy € C5)
(Eq.(5.6) is satisfied) (5.17)

respectively. Because coil spring is a subsystem of suspension, the
constraints in Eq. (5.2) for the suspension stiffness and Eq. (5.8)
for the coil spring are coupled. Therefore, when Eq. (5.8) is inter-
preted, the interpretation in Eq. (5.15) for Eq. (5.2) and the inter-
pretation in Eq. (5.10) for Eq. (5.1a) at the vehicle level should be
taken into consideration. Design variables d, D, and p are assigned
to be proper in Eq. (5.9) in this scenario. L, is improper in
Eq. (5.15), which should be applied by a dual operation based on
Rule R6. Ky and Kps, which are proper in Eq. (5.15), should still
be proper too. The values of Kjrand Kpsused in Eq. (5.2) are com-
ing from Eq. (5.8), for which the interpretations should be self-
consistent. Based on Rule R1, Eq. (5.8) is interpreted as
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Table2 The given values

Performance parameters Immediate variables

oy (Hz) [1.1,1.5] K, (N/mm) [13.13,56.25]
o, (Hz) [1.1,1.5] K, (N/mm) [25.7, 60]
oy (Hz) [11,14] K, (N/mm) (142, 494]
o, (Hz) [11,14] K, (N/mm) [126, 355]
k, (rad/m/s>)  [0.0015,0.0055] Ky (N/mm) [120,180]
KB, (Nmm/deg) [75,000,85,000]
Cy (N/rad/lO P [7.08,19.6]
C, (Nfrad/107%)  [4.28,12.32]

Layout parameters Design variables

a (m) [1.25,1.39] P;. (KPa) [83,330]
b (m) [2.31,2.45] P (KPa) [83,330]
Loy () (mm) [350,420] d (mm) [5,30]
sty () (m) [0.05,0.1] D(mm) [50,200]
p (mm) [50,100]

(Vd € d*)(vD € D*)(Vp € p*)(VL, € L)) (IKy € K)

(3Kps € Kﬁf)(Eq.(S.S) is satisfied) (5.18)
Based on Rules R4-R5, the final logic interpretation of the united

solution set for this chassis design problem is obtained by
combining Egs. (5.10)—(5.18) as

(Vd € d*)(vD € D*)(Vp € p*)(YPy € P})(VP; € P})(Ja € a®)
(3b € b*)(3L, € L)) (3sty € stf)(Ist, € st) Gy € wf)
Ty € })Foy € wy)(Fo, € o) (T € Ky)

(Egs.(5.1) — (5.8) are satisfied)
(5.19)

In addition to the united solution set, different kinds of solu-
tions can be used based on the desired design intent. For instance,
in the scenario of product family design as discussed in Sec. 1,
products can be generated by combining different modules with
one platform. In a vehicle family, the suspension and tire systems
can be taken as modules to generate the design variations, whose
parameters are scaled ones. They usually come with the chassis. A
chassis as an assembly of the platform should not only have the
ability to accommodate different suspension and tire modules in
the vehicle family but also satisfy the performance requirements
of the vehicle family. The accommodating ability of a chassis
should not be over designed by considering the design and manu-
facturing cost. It means that all the layout parameters on the chas-
sis should be used in the family. In that case, the feasible solution
set for the chassis design problem can be described as

> (ABx) = {x € X|(VA € A*)(3B € B)f(A,x) = B}
(5.20)

60
504
200
D
100 5, » d 23 24 25
(@)

In other words, we aim to find all feasible values for each
design variable x such that for all the values of layout parameters
a, b, Ly, sty, and st,, there exist acceptable values for performance
parameters in the given ranges that satisfy the performances
requirements. These layout parameters vary slightly within the
given domains for different products. The goal is to accommodate
the differences in the common platform of chassis. Therefore, the
interval boxes A, B, and X are assigned to be proper. Similar to
the previous interpretation in the scenario of untied solution set,
the logic interpretation of the tolerable solution set for the chassis
design problem based on Rules R1, R2, R4, and RS is

(Vd € d*)(VD € D*)(Vp € p*)(VPy € P})(VP;, € P)
(Va € a®)(vb € b*)(VL, € L) (Vsty € sty')

(Vst, € st) By € wff)(Ela)s,. € wb)

(Foy € a),f)(ﬂa)t, € w, )(Hkm € k v)

(Egs.(5.1) — (5.8) are satisfied)

(5.21)

In a different scenario, engineers have specific performance tar-
gets to satisfy customer requirements. They may find that the new
product family can be developed from an existing platform. It
indicates that all the targets can be satisfied by selecting proper
values for layout parameters of the existing platform and integrat-
ing new modules. The ability to accommodate a current platform
can support the development of the new production family. In that
case, the feasible solution set can be described as

> (A,B,x) = {x € X|(VB € B*)(34 € A*)f(4,x) = B}
(5.22)

which is a controllable solution set. We need to find all feasible
values of design variables such that all values in the range of per-
formance requirements can be achieved by the layout parameters.
The interval boxes A and B are assigned to be improper and X to
be proper. The desired logic interpretation is

(Vd € d*)(VD € D*)(Vp € p*)(VPy € P})(VP;, € P))
(Vog € wsf)(ng, € ) (Vo € w,f)

(Yoo, € o) (Vhkys € K2)(3a € a®)(3b € b?)

(AL, € LY)(3sty € stf )(3st, € st?)

(Eqs.(5.1) -

(5.8) satisfied) (5.23)

During the QCSP formulation for a design problem, the time
consumption depends on the complexity of the problem, i.e., the
numbers of variables, constraints, and the type of QCSP. It takes

more time when a large number of existential variables are in the
constraints, because Rule R6 in Sec. 3.1 needs to be applied.
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Fig.2 Design space (d, D, p) (mm) for suspension system, (a) united solution set and (b) toler-

able solution set
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Fig. 3 Design space (P;;, P;) (Kpa) for tire system (a) united solution set, (b) tolerable solution set, and (c) controllable solution

set

Table 3 The values of variables for controllable solution set

Performance parameters Immediate variables

oy (Hz)
o, (Hz)
Ky, (rad/m/s?)

[11.74,11.75]
[12,12.01]
[0.0046, 0.0047]

K,y (N/mm)  [143,493.8]
K, (N/mm) [125.6, 350]
C,; (N/rad/10™%)  [13.08,19.6]
C,, (N/rad/10™%) [12.28,18.6]
Design variables
P;. (KPa) [80,330]
P, (KPa) [80,330]

Layout parameters
a (m)
b (m)

[1.25,1.39]
[2.31,2.45]

Therefore, the tolerable solution set takes the least time to com-
pute, whereas the controllable and united ones take more.

5.2 Results and Verifications. During the calculation, the
design variables are separated into two groups. d, D, and p are in
the suspension systems, whereas P and P;, are in the tire system.
Thus, the chassis design problem is divided in two sub-problems.
Some of the layout parameters are shared between these two sys-
tems. To ensure that the combined interpretation is available, the
shared parameters that are existentially quantified and occur mul-
tiple times should be modified by the dual operation based on
Rule R6.

With the initial values of variables in Table 2, the inner estima-
tion of feasible solution set for the chassis design problem based
on our branch-and-prune algorithm is shown in Figs. 2 and 3. Fig-
ure 2 shows the ranges of variables d, D, and p for the suspension
system for the united solution set and tolerable solution set in a
3D view, with the precision of 0.05. The design range for wire di-
ameter d has shrunk from [5,30] to [21.9,24.22] and
[21.72,24.06], respectively. Coil diameter D was reduced from
[5,200] to [126.6,200] and [131.8,193.8], respectively. The

N

(ﬁ;
22 23 24

d
()

100 o4

spring pitch p does not change and has the value of [50, 100]. In
Kim et al. [60], d, D, and p are formulated as design variables,
and their optimum values are 23 mm, 180 mm, and 80 mm, respec-
tively, all of which are enclosed by the feasible solutions from our
calculation.

Figures 3(a) and 3(b) show the ranges of variables P; and P;,
for the tire system for the united and tolerable solution sets,
respectively, with the precision of 0.05. The range of Py is
reduced from [80,330] to [191.8,282.2] and the range of P;,
shrinks to [191.6,229.2] for the united solution set. The ranges of
Pand P, are reduced to [227.5,282.2] and [191.7,229.2] for the
tolerable one. In Kim et al. [60], P;s and P;, are linked variables,
and their optimum values were not given. Again, different assign-
ments of quantifiers to variables result in different solution spaces.

No controllable solution set can be found for this chassis design
problem with the given values in Table 3. We pick the tire system
design as a sub-problem to verify the algorithm for the controlla-
ble solution set. The constraints for this sub-problem include
Egs. 5.1(c—e) and Egs. (5.4)—(5.7) with the final logic
interpretation

(VP € PR)(VP;, € PY) (Vs € wfy) (Vo € wy)(Vhys € ki)
(Ja € a®)(3b € b*)
(Egs.5.1(c — e),Eqs.(5.4) — (5.7) are satisfied)

The domains of performance parameters listed in Table 3 are used
instead of Table 2. Figure 3(c) shows the feasible design space of
the controllable solution set for the tire inflation pressures P and
P;, with the precision of 0.001. The ranges of Py and P;. are
reduced to [205.9,209.7] and [223.9,227.9].

The proposed hybrid stratified Monte Carlo method is used to
verify the solutions obtained in Figs. 2 and 3. A total number of

00, o

80
=P
60
40
200
150
25
24
D 100 21 2 2B
d
(b)

Fig. 4 Verification for the design space of suspension system (a) united solution set and (b)

tolerable solution set
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Fig. 5 Verification for the design space of tire system (a) united solution set, (b) tolerable solution set, and (¢) controllable so-

lution set

1500 samples were chosen for the tolerable solution set and dis-
tributed among the boxes of x proportionally to their volumes. For
the united and controllable solution sets, a total number of 3000
samples were chosen. The results are presented in Figs. 4 and 5.
In each figure, the boxes indicate the branch-and-prune algorithm
results, and “ + ” are the sampled values in the verification.

It is seen that both the branch-and-prune method and hybrid
stratified Monte Carlo method can be used to solve QCSPs. How-
ever, the stratified sampling requires more computational time to
find a good estimation of solution than the branch-and-prune
method, although the efficiency of the stratified sampling method
has been improved significantly from the classical Monte Carlo
sampling by using intervals instead of real values. Therefore, the
sampling based method is not recommended to solve QCSPs.

United solution set is the largest one among the three quantified
solution sets and encloses the other two. It thus gives us an upper
limit of all feasible solutions. Therefore, the results of united solu-
tion set can be taken as the initial input to calculate the tolerable
and controllable ones to improve computational efficiency.

6 Conclusions

A new QCSP formulation and solving approach have been
developed to search feasible design solutions, which can incorpo-
rate more design intent than the traditional CSP. The different
types of feasible solution sets (united, tolerable, and controllable)
can be obtained by solving different logically quantified problems.
The proposed branch-and-prune algorithm to solve QCSPs is
based on the logic interpretation of generalized interval. There is
no restriction on the number of occurrences for the variables. A
hybrid stratified Monte Carlo method is also developed to verify
the results obtained by the proposed algorithm. With the extra in-
formation from the interpretation, engineers can make better deci-
sions at the different design stages. The complete knowledge of
feasible design space is useful for complex problems of multidis-
ciplinary design optimization.

Note that our approach is generic and can be applied to any
constraint that is in the generic functional form of fla,x) =b. The
limitation of our approach is that it cannot solve over-constrained
problems, for instance, when every variable is associated with V
and statements are overly quantified. In future work, the limitation
needs to be addressed. Other branching methods, in addition to
the bisection used in our algorithm, can also be investigated to
improve the computational efficiency.
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